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Abstract:

survey on state-of-the-art pedestrian detection methods from 2005 to 2011, focusing on the two most important problems: feature ex-

Pedestrian detection is an active area of research with challenge in computer vision. This study conducts a detailed

traction, the classification and localization. We divided these methods into different categories; pedestrian features are divided into
three subcategories : low-level feature, learning-based feature and hybrid feature.On the other hand, classification and localization is
also divided into two sub-categories: sliding window and beyond sliding window . According to the taxonomy, the pros and cons of
different approaches are discussed. Finally, some experiences of how to construct a robust pedestrian detector are presented and fu-
ture research trends are proposed.
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